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What is Machine Learning?

“.. provides computers with the ability to learn
without being explicitly programmed.”




Why Now?

* Data creation is growing, exponentially

« Computing power is growing, exponentially




In a nutshell

that can be where traditional

used with all with little manual methods are not
types of data oversight ... viable
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What is a Tree?

At each terminal leaf of the
tree all data points receive the
same predicted value




A Gradient Boosted Machine is an
ensemble of individual trees, fit sequentially




Benefits of Machine Learning
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Some current applications
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Some current applications

Raw Theft Frequency Predicted Theft Zones
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Some current applications X:
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Potential Applications
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